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1. Introduction 

The systemic procedural approach can be thought of as a general 

scientific paradigm. It offers a holistic, objective and universally 

applicable form, providing a framework for complex investigations 

[1-3]. We will address it within the field of legal and forensic 

medicine. 

Systemic management describes a holistic, objective and universally 

applicable form of management, which provides a framework for 

addressing grand challenges. 

Big Data is a massive set of structured, unstructured and semi- 

structured data. Big Data has to efficiently deal with very 

heterogeneous data that evolves rapidly. It is difficult to manage big 

data using any of the traditional applications. Big Data consists of 

very large data sets that will be processed by increasingly advanced 

tools [4-6]. 

In recent times, the growing importance of data for organizations in 

general, in medicine, leads to a new paradigm in the collection and 

management of data (Big Data). 

The implementation of Big Data in forensic science is slow, so it is 

necessary for professionals in the field of legal and forensic medicine 

to be aware of this fact and to be encouraged  to participate by 

developing and publishing works that broaden horizons in this field 

[7-8]. Creating a development framework in this field would broaden 

their vision of the future. The field of legal and forensic medicine 

cannot remain stagnant, so it must participate in the philosophy of Big 

Data [9-13]. 

 
 

Big Data is not just about the size of data; it is about how we manage, 

analyze and extract value and, therefore, knowledge from this vast 

ocean of information. 

 

2. Definition of Big Data (BD) 

In the literature, we can find multiple definitions of Big Data [4-6]. 

We dare to give a definition of Big Data: a set of characteristics that 

help us obtain value and knowledge of a  large  volume of  very 

heterogeneous data through models and technologies suitable for 

decision support. 

Big Data is generated through many of the activities that are carried 

out on a daily basis. The main idea of Big Data is that it allows you to 

have access to more information. And the more information you have, 

the greater the understanding and the better you can make decisions 

or look for solutions. The fundamental problem of BD is to discover 

value from large data sets, given the wide variety of data types and 

the rapid generation of data. The implementation of the concept of 

Big Data in the field of medicine in general [14-20] and in legal and 

forensic medicine in particular [21-22] requires an effort on the part of 

professionals in these areas. 

 
3. Type of data 

Within Big Data we can find the following types of data: 

Structured, unstructured and semi-structured data 
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To know the structure of the data (Structured Data) we will rely on 

an autopsy: 

Gender: Male 

Age: 57 

Pathological history of interest: depression, dissociative disorder 

Initial cause of death: gunshot wound 

Immediate cause of death: destruction of vital nerve centers 

Origin of Death: Violent 

Medicolegal etiology: suicidal 

 
 

Histological specimens: 

Arteriosclerosis 

No microscopic findings of interest 

Anthracosis, congestion, inflammation 

Anthracosis, congestion, emphysema, inflammation 

Congestion, emphysema, inflammation 

Fat degeneration 

Fat degeneration, inflammation 

No microscopic findings of interest 

Placing autopsies in such a way that they can be treated as structured 

data (qualitative variables: coded categories), we have, for example, 

for five autopsies (Tables 1, 2 y 3). Each row of the tables 

corresponds to an autopsy: 

Table 1 
 

Sex Age Arteriosclerosis Anthracosis Congestion Fat_degeneration Edema Efisema 

1 57 1 1 1 1 2 1 

1 61 1 1 1 1 1 1 

2 96 1 1 1 1 1 1 

1 59 1 2 1 1 2 1 

1 91 1 2 1 2 1 1 

 
Table 2. 

 

Sclerosis Hemorrhage Inflammation Necrosis Other_findings Pathological_antecedents 

2 2 1 -- 0 1 

1 1 1 -- 0 1 

2 2 1 -- 0 3 

1 1 1 -- 1 3 

1 2 1 -- 1 3 

 
Table 3. 

 

Death_initial_cause Death_immediate_cause Death_origin Medicolegal_etiology 

4 2 2 2 

1 1 1 -- 

6 8 2 1 

7 2 2 1 

2 5 1 -- 

 
Unstructured data 

Figure 1 provides an example of unstructured data. 
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Figure 1: Pulmonary congestion and hemorrhage (autopsy). 
 

 

The data in an image can be obtained through a convolutional 

artificial neural network. This data, once processed, becomes 

information for the medical examiner. 

Semi-structured data 

They combine features of both types. 

4. Characteristics of Big Data 

The characteristics (variables in the systemic procedure) called seven 

V's provide a holistic view of the challenges and opportunities in the 

world of Big Data. This global vision provides a great tool to improve 

decision-making in any professional field. 

The characteristics of Big Data can be synthesized by 7 V’s (Figure 

2): 

V1. Volume: The amount of data generated of all kinds is increasing. 

V2. Speed: The speed at which data is generated and processed to 

meet the demands and challenges of its analysis for use in the required 

field. 

V3. Variety: it refers to the various types of data being processed: 

structured, unstructured and semi-structured. 

V4. Veracity: it refers to the uncertainty of data, i.e. the degree of 

reliability of the received information. It is about obtaining quality data 

that can be used to get closer to the set objectives. Knowledge of the 

veracity of data, in turn, helps us better understand the risks associated 

with decision-making. 

V5. Variability: it refers to how changing the meaning of data is. 

Variability represents data that is constantly evolving. This is 

especially true of natural language processing. 

V6. Visualization: we refer to the way in which data is presented. 

Once data is processed, we need to visually represent it in a way that 

is readable and accessible, in order to explore patterns, trends and 

relationships in the research topic. 

V7. Value: Data is not value. The ultimate goal of Big Data is to 

extract meaningful insights from data. Value is obtained from 

processed data that helps decision-making. 
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Figure 2. Systemic procedure of Big Data through its characteristics (7 V's). 
 

 

These characteristics and those that will be considered in the future 

pose a constant challenge for Big Data. 

 
5. Application of the systemic procedure to Big Data 

Once the forensic data has been collected according to type 

(structured, unstructured and semi-structured), the 7Vs of the BD are 

configured as a systemic procedure with a holistic perspective, taking 

into account that the whole is greater than the sum of its parts. 

The potentiality of BD is related to the improvement in the knowledge 

of how the variables (characteristics) have interacted, each and every 

one of them. 

Table 4 shows the relationship between the characteristics that shape the application of the systemic procedure to Big Data. 
 

 V2 (Velocity) V3 (Variety) V4 (Veracity) V5 (Variability) V6 (Visualization) V7 (Value) 

V1 (Volume) V2/V1 V3/V1 V4/V1 V5/V1 V6/V1 V7/V1 

 V1 (Volume) V3 (Variety) V4 (Veracity) V5 (Variability) V6 (Visualization) V7 (Value) 

V2 (Velocity) V1/V2 V3/V2 V4/V2 V5/V2 V6/V2 V7/V2 

 V1 (Volume) V2 (Velocity) V4 (Veracity) V5 (Variability) V6 (Visualization) V7 (Value) 

V3 (Variety) V1/V3 V2/V3 V4/V3 V5/V3 V6/V3 V7/V3 

 V1 (Volume) V2 (Velocity) V3 (Variety) V5 (Variability) V6 (Visualization) V7 (Value) 

V4 (Veracity) V1/V4 V2/V4 V3/V4 V5/V4 V6/V4 V7/V4 

 V1 (Volume) V2 (Velocity) V3 (Variety) V4 (Veracity) V6 (Visualization) V7 (Value) 

V5 (Variability) V1/V5 V2/V5 V3/V5 V4/V5 V6/V5 V7/V5 

 V1 (Volume) V2 (Velocity) V3 (Variety) V4 (Veracity) V5 (Variability) V7 (Value) 

V6 (Visualization) V1/V6 V2/V6 V3/V6 V4/V6 V5/V6 V7/V1 

 V1 (Volume) V2 (Velocity) V3 (Variety) V4 (Veracity) V5 (Variability) V6 (Visualization) 

V7 (Value) V1/V7 V2/V7 V3/V7 V4/V7 V5/V7 V6/V7 
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In a systemic procedure, it is necessary to seek that all the 

relationships (Vi/Vj, i≠j, i= 1, 2, ..., 7; j=1, 2, ..., 7) quantitatively, 

qualitatively, quantitatively- qualitatively and qualitatively- 

quantitatively are greater than or equal to one (1), which would 

indicate the positive influence of the characteristic Vi on the Vj 

(reference characteristic). In other words, the aim is to produce a 

symbiosis between these relationships. The objective pursued in the 

application of the systemic procedure to Big Data in the field of legal 

and forensic medicine is that all the characteristics (V's) of Big Data 

participate in the improvement of the treatment and use of data to 

improve decision-making. 

 

6. Artificial Intelligence and Big Data in the forensic 

field 

In the context in which we are working, it would be appropriate to 

develop algorithms that implement the content of the circles in Figure 

2, so that the use of Big Data in the forensic field is more efficient. 

Artificial Intelligence (AI) is the technology that allows computers to 

simulate human intelligence and human capabilities (learning, 

reasoning, self-correction, etc.) in problem solving. This processing 

technology receives data (already prepared or collected), processes it, 

using models and algorithms, and answers questions about 

forecasting and decision making. AI systems are also capable of 

adapting their behavior by analyzing the effects of previous actions to 

subsequently work autonomously. 

The combination of AI and Big Data has had and continues having a 

profound impact on society. AI accompanied by other technologies 

can perform multiple tasks that free forensic professionals from 

analyzing large amounts of medical data (Big Data) and discover 

coincidences and patterns to improve decision making. For example, 

AI models have been developed to help estimate the biological age of 

migrants or human remains. 

The application of AI to forensic sciences is becoming less and less 

questionable since reliable, verifiable and reproducible results are 

obtained. Even so, human work is required to create algorithms that 

reduce subjectivity, increasing accuracy and, in turn, reducing the 

time to issue opinions with highly reliable results. 

With all this, it must be clear that AI is not intended to replace forensic 

experts, but to help them in their daily work life. The integration of 

AI in daily medical-legal practice involves not only forensic doctors, 

but also legal professionals. All of them must generate confidence in 

its implementation and use. Proposing to those responsible for the 

Institutes of Legal and Forensic Medicine a policy for the application 

and management of AI tools in order to reduce their misuse and 

legislate regarding their use will avoid greater evils [23-26]. 

 

7. Conclusions and future research 

The conclusions we reach are qualitative rather than quantitative. The 

systemic procedure applied to the field of legal and forensic medicine 

gives us the opportunity to consider a forensic study with a holistic 

perspective, considering the interrelation between characteristics 

(variables) implicit in Big Data to improve the process of forensic 

study. We have to try to maintain as much as possible the relationship 

between characteristics (1). That is, the observed characteristic (Vi) 

participates in the improvement of the base characteristic (Vj). To do 

this, it will be necessary to continuously advance all the techniques 

and technologies that Big Data requires. The characteristic that 

presents the most difficulty in maintaining this relationship is 

"Veracity" (V4). 

The awareness that a new reality (that of Big Data) is already in our 

lives and that the future, to a large extent, will be built on it should 

lead us to take the step of assimilation and implementation of this 

technology in legal and forensic medicine. 

No matter how advanced AI is in the field of legal and forensic 

medicine, it will never be able to replace experts in this field in their 

entirety. 

The study of practical cases in the field of legal and forensic medicine 

that combine Big Data, Systemic Procedures and AI will constitute a 

future line of research. 

 

Conflict of interest: There is no conflict of interest. 

References 

1. Fowler C.W (2009) Systemic Management: Sustainable Human. 

Interactions with Ecosystems and the Biosphere. Oxford 

University Press. 

2. Garbolino E, Chéry J.P, Guarnieri F (2019) The Systemic 

Approach: Concepts, Method and Tools: Evaluating Risk in 

Complex Industrial Systems. Safety Dynamics. 1-30. 

3. Mosbahi S, Stak D, Gravestock I, Burgstaller JM, Steurer J, et al. 

(2019) A Systemic Review and Meta-analysis: Bentall versus 

David Procedure in Acute Type A Aortic Dissection. European 

Journal of Cardio-Thoracic Surgery. 55(2): 201-209. 

 
 

4. Gandomi A, Haider M (2015) Beyond the Hype: Big Data 

Concepts, Methods, and Analytics. Int J Inf Manag. 35(2): 137- 

144. 

5. Baro E, Degoul, S., Beuscart R, Chazard E (2015) Toward a 

Literature-driven Definition of Big Data in Healthcare. Biomed 

Res Int. 639021. 

6. Alexandru A, Alexandru C.A, Coardos D, Tudora E (2016) Big 

Data: Concepts, Technologies and Applications in the Public 

Sector. World Academy of Science, Engineering and Technology. 

https://academic.oup.com/book/4820
https://academic.oup.com/book/4820
https://academic.oup.com/book/4820
https://www.researchgate.net/publication/328999233_The_Systemic_Approach_Concepts_Method_and_Tools_Evaluating_Risk_in_Complex_Industrial_Systems
https://www.researchgate.net/publication/328999233_The_Systemic_Approach_Concepts_Method_and_Tools_Evaluating_Risk_in_Complex_Industrial_Systems
https://www.researchgate.net/publication/328999233_The_Systemic_Approach_Concepts_Method_and_Tools_Evaluating_Risk_in_Complex_Industrial_Systems
https://pubmed.ncbi.nlm.nih.gov/30084969/
https://pubmed.ncbi.nlm.nih.gov/30084969/
https://pubmed.ncbi.nlm.nih.gov/30084969/
https://pubmed.ncbi.nlm.nih.gov/30084969/
https://www.sciencedirect.com/science/article/pii/S0268401214001066
https://www.sciencedirect.com/science/article/pii/S0268401214001066
https://www.sciencedirect.com/science/article/pii/S0268401214001066
https://pubmed.ncbi.nlm.nih.gov/26137488/
https://pubmed.ncbi.nlm.nih.gov/26137488/
https://pubmed.ncbi.nlm.nih.gov/26137488/
https://www.researchgate.net/publication/310415976_Big_data_Concepts_Technologies_and_Applications_in_the_Public_Sector
https://www.researchgate.net/publication/310415976_Big_data_Concepts_Technologies_and_Applications_in_the_Public_Sector
https://www.researchgate.net/publication/310415976_Big_data_Concepts_Technologies_and_Applications_in_the_Public_Sector


Journal of Community Medicine and Public Health Reports ISSN: 2692-9899 

Citation: Pérez EM, Martín QM (2024) Big Data As A Systemic Procedure In The Field of Forensic And Legal Medicine. J Comm Med and Pub Health Rep 5(14): 

https://doi.org/10.38207/JCMPHR/2024/NOV051402133 

6 

 

 

International Journal of Computer, Electrical, Automation, 

Control and Information Engineering. 10(10). 

7. Lefèvre T (2018) Big Data in Forensic Science and Medicine. 

Journal of Forensic and Legal Medicine. 57: 1-6. 

8. Geradts Z (2018) Digital, Big Data and Computational Forensics. 

Forensic Sciences Research. 3(3): 179-182. 

9. DeLisi M (2018) The Big Data Potential of Epidemiological 

Studies for Criminology and Forensics. Journal of Forensic and 

Legal Medicine. 57: 24-27. 

10. Rey G, Bounebache K, Rondet C (1918) Causes of Deaths Data, 

Linkages and Big Data Perspectives. Journal of Forensic and 

Legal Medicine. 57: 37-40. 

11. Mallappallil M, Sabu J, Gruessner A, Salifu M (2020) A Review 

of Big Data and Medical Research. SAGE Open Medicine. 8: 1- 

10. 

12. Andreu-Perez J, Poon C.C, Merrifield R.D, Wong S.T, Yang G.Z 

(2015) Big Data for Health. IEEE J Biomed Health Inform. 19(4): 

1193-1208. 

13. Viceconti M, Hunter P, Hose R (2015) Big Data, Big Knowledge: 

Big Data for Personalized Healthcare. IEEE J Biomed Health 

Inform. 19(4): 1209-15. 

14. Ristevski B, Chen M (2018) Big Data Analytics in Medicine and 

Healthcare. Journal of Integrative Bioinformatics. 15(3): 

20170030. 

15. Wang Y, Kung LA, Wang W.Y, Cegielski C.G (2017) An 

Integrated Big Data Analytics-enabled Transformation Model: 

Application to Healthcare. Inf Manag. 55: 64-79. 

16. Gu D, Li J, Li X, Liang C (2017) Visualizing the Knowledge 

Structure and Evolution of Big Data Research in Healthcare 

Informatics. Int J Med Inform. 98: 22-32. 

17. Gligorijević V, Malod‐Dognin N, Pržulj N (2016) Integrative 

Methods for Analyzing Big Data in Precision Medicine. 

Proteomics. 16(5): 741-58. 

18. 

Luo J, Wu M, Gopukumar D, Zhao Y (2016) Big Data 

Application in Biomedical Research and Healthcare: a 

Literature Review. Biomed InformInsights. 8: 1-10. 

19. Gaitanou P, Garoufallou E, Balatsoukas P (2014) The 

Effectiveness of Big Data in Healthcare: a Systematic Review. 

Metadata and Semantics Research. 141-53. 

20. He K.Y, Ge D, He M.M (2017) Big Data Analytics for Genomic 

Medicine. Int J Mol Sci. 18(2): 412. 

21. Lefèvre T, Lepresle A, Chariot P (2015) Detangling 

Complex Relationships in Forensic Data: Principles and 

Use of Causal Networks and their Application to Clinical 

Forensic Science. Int J Leg Med. 129(5): 1163-1172. 

22. Jackson G, Jones S, Booth G, Champod C, Evett I.W (2006) 

The Nature of Forensic Science Opinion -a Possible 

Framework to Guide Thinking and Practice in 

Investigations and in Court Proceedings. Sci Justice J 

Forensic Sci Soc. 46(1): 33-44. 

23. Tournois L, Trousset V, Hatsch D, Delabarde T, Ludes B, Lefèvre 

T (2024) Artificial Intelligence in the Practice of Forensic 

Medicine: a Scoping Review. International Journal of Legal 

Medicine. 138: 1023-1037. 

24. Galante N, Cotroneo R, Furci D, Lodetti G, Casali MB (2023) 

Applications of Artificial Intelligence in Forensic Sciences: 

Current Potential Benefits, Limitations and Perspectives. 

International Journal of Legal Medicine. 137(2): 445-458. 

25. Volonnino G, De Paola L, Spadazzi F, Serri M, Ottaviani M.V, et 

al. (2024) Artificial Intelligence and Future Perspectives in 

Forensic Medicine: a Systematic Review. Clin Ter. 175 (3): 193- 

202. 

26. Piraianu A-I, Fulga A, Liana C, Ciobotaru O-R, Diana Gina 

Poalelungi D.G, et al. (2023) Enhancing the Evidence with 

Algorithms: How Artificial Intelligence is Transforming Forensic 

Medicine. Diagnostics. 13(18): 2992. 

https://www.researchgate.net/publication/310415976_Big_data_Concepts_Technologies_and_Applications_in_the_Public_Sector
https://www.researchgate.net/publication/310415976_Big_data_Concepts_Technologies_and_Applications_in_the_Public_Sector
https://pubmed.ncbi.nlm.nih.gov/29801942/
https://pubmed.ncbi.nlm.nih.gov/29801942/
https://academic.oup.com/fsr/article/3/3/179/6780976
https://academic.oup.com/fsr/article/3/3/179/6780976
https://pubmed.ncbi.nlm.nih.gov/29801947/
https://pubmed.ncbi.nlm.nih.gov/29801947/
https://pubmed.ncbi.nlm.nih.gov/29801947/
https://pubmed.ncbi.nlm.nih.gov/29801950/
https://pubmed.ncbi.nlm.nih.gov/29801950/
https://pubmed.ncbi.nlm.nih.gov/29801950/
https://pubmed.ncbi.nlm.nih.gov/32637104/
https://pubmed.ncbi.nlm.nih.gov/32637104/
https://pubmed.ncbi.nlm.nih.gov/32637104/
https://ieeexplore.ieee.org/document/7154395
https://ieeexplore.ieee.org/document/7154395
https://ieeexplore.ieee.org/document/7154395
https://ieeexplore.ieee.org/stamp/stamp.jsp?tp&arnumber=7047725
https://ieeexplore.ieee.org/stamp/stamp.jsp?tp&arnumber=7047725
https://ieeexplore.ieee.org/stamp/stamp.jsp?tp&arnumber=7047725
https://pmc.ncbi.nlm.nih.gov/articles/PMC6340124/
https://pmc.ncbi.nlm.nih.gov/articles/PMC6340124/
https://pmc.ncbi.nlm.nih.gov/articles/PMC6340124/
https://www.sciencedirect.com/science/article/abs/pii/S0378720617303129
https://www.sciencedirect.com/science/article/abs/pii/S0378720617303129
https://www.sciencedirect.com/science/article/abs/pii/S0378720617303129
https://pubmed.ncbi.nlm.nih.gov/28034409/
https://pubmed.ncbi.nlm.nih.gov/28034409/
https://pubmed.ncbi.nlm.nih.gov/28034409/
https://pubmed.ncbi.nlm.nih.gov/26677817/
https://pubmed.ncbi.nlm.nih.gov/26677817/
https://pubmed.ncbi.nlm.nih.gov/26677817/
https://pmc.ncbi.nlm.nih.gov/articles/PMC4720168/#%3A~%3Atext%3DIn%20the%20biomedical%20informatics%20domain%2Cvolume%2C%20variety%2C%20and%20velocity
https://pmc.ncbi.nlm.nih.gov/articles/PMC4720168/#%3A~%3Atext%3DIn%20the%20biomedical%20informatics%20domain%2Cvolume%2C%20variety%2C%20and%20velocity
https://pmc.ncbi.nlm.nih.gov/articles/PMC4720168/#%3A~%3Atext%3DIn%20the%20biomedical%20informatics%20domain%2Cvolume%2C%20variety%2C%20and%20velocity
https://pmc.ncbi.nlm.nih.gov/articles/PMC4720168/#%3A~%3Atext%3DIn%20the%20biomedical%20informatics%20domain%2Cvolume%2C%20variety%2C%20and%20velocity
https://link.springer.com/chapter/10.1007/978-3-319-13674-5_14
https://link.springer.com/chapter/10.1007/978-3-319-13674-5_14
https://link.springer.com/chapter/10.1007/978-3-319-13674-5_14
https://pubmed.ncbi.nlm.nih.gov/28212287/#%3A~%3Atext%3DAbstract%2Clarge%2Dscale%20various%20data%20sets
https://pubmed.ncbi.nlm.nih.gov/28212287/#%3A~%3Atext%3DAbstract%2Clarge%2Dscale%20various%20data%20sets
https://pubmed.ncbi.nlm.nih.gov/25784386/
https://pubmed.ncbi.nlm.nih.gov/25784386/
https://pubmed.ncbi.nlm.nih.gov/25784386/
https://pubmed.ncbi.nlm.nih.gov/25784386/
https://www.sciencedirect.com/science/article/abs/pii/S1355030606715659
https://www.sciencedirect.com/science/article/abs/pii/S1355030606715659
https://www.sciencedirect.com/science/article/abs/pii/S1355030606715659
https://www.sciencedirect.com/science/article/abs/pii/S1355030606715659
https://www.sciencedirect.com/science/article/abs/pii/S1355030606715659
https://link.springer.com/article/10.1007/s00414-023-03140-9
https://link.springer.com/article/10.1007/s00414-023-03140-9
https://link.springer.com/article/10.1007/s00414-023-03140-9
https://link.springer.com/article/10.1007/s00414-023-03140-9
https://link.springer.com/article/10.1007/s00414-023-03140-9
https://pubmed.ncbi.nlm.nih.gov/36507961/
https://pubmed.ncbi.nlm.nih.gov/36507961/
https://pubmed.ncbi.nlm.nih.gov/36507961/
https://pubmed.ncbi.nlm.nih.gov/36507961/
https://pubmed.ncbi.nlm.nih.gov/38767078/
https://pubmed.ncbi.nlm.nih.gov/38767078/
https://pubmed.ncbi.nlm.nih.gov/38767078/
https://pubmed.ncbi.nlm.nih.gov/38767078/
https://pubmed.ncbi.nlm.nih.gov/37761359/
https://pubmed.ncbi.nlm.nih.gov/37761359/
https://pubmed.ncbi.nlm.nih.gov/37761359/
https://pubmed.ncbi.nlm.nih.gov/37761359/

